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ANDANTE

Use Case 2.1:
Autonomous
Weeding System

Use Case 2.2:
Tomato pests and
diseases forecast

Overview

 NeuroCorgiis an original, one-of-its-kind, Feature Extractor Accelerator (FEA) circuit

* Its Key design principle draws inspiration from the Human Brain, which shows that
generic Feature Extractors can be used across a range of applications

* Leveraging a fixed MobileNet-V1 backbone and the Transfer Learning concept, its
power dissipation beats the best State-of-the-Art accelerators by 9X to 1000X

* Builtin 22FDX, it addresses Classification, Semantic Segmentation and Multi-Object
Detection applications

Use Case 3.1:
Drones/USV

Use Case 3.2:
Underwater Acoustic
Signal Classification

'8 Use Case 3.3:

3D Object Detection
o' and Classification of
Road Users
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Llessons learned

Impact Progress beyond SOA

 ASIC 2.1 represents a landmark solution * OQOriginal approach based on a fixed * Co-optimizing the neural network

* Promising approach for Foundation Models nackbone topology and the circuit architecture is

 We plan a family of circuits to follow: * Ultra-low power ImageNet inference on critical
v’ Chiplet version of NeuroCorgi + multicore RISC-V HD images at 30FPS with only 23.2mW * The tool suite is an important feature for
v' MobileOne or Yolo-v8 version and 6.9ms latency. designing Al accelerators: quantification,
v' MobileViT version mapping ...
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